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HURDLES FOR INTEGRATION OF DATA INTO
WORKFLOW

“No one ever made a decision because
of a number. They need a story.”

Nobel Prize winner Danny Kahneman, author of Thinking, Fast and Slow, as
quoted in The Undoing Project

Source: The Undoing Project: A Friendship that Changed Our Minds, Michael Lewis
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CONSISTENT EXECUTION IN AN EVER CHANGING

ENVIRONMENT

THE OODA LOOP

Feed N Feed N
OBSERVE Forward 2l ORIENT Forward >

Unfolding

Feed
Forward m
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F Cultural Previous
Traditions Experience
. Decision
Observation > (Hypothesis)
A A 4 Genetic Analyses
Heritage & Synthesis
Outside
Information New
Information
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|

> Action

Unfolding Interaction with Environment

SOURCE: John Boyd's OODA Loop

BUSINESS INSIDER



HOW DO WE KNOW A THESIS TO BE TRUE....FUSION
OF DISCIPLINE AND TECHNOLOGY

ESTIMATE INPUTS

= Industry Conferences
and Relationships

= SEC Filings

= Publications

= Analysis

= Datasets

PORTFOLIO CONSTRUCTION

a
t

PRICE TARGET

FINANCIAL METRICS

TOP LINE

OPERATOR KPIS

HYPOTHESIS

Q

=X

EXECUTION

FEEDBACK LOOP

= Objective Process

= |nput Agnostic

= Consistent Improvement

MONITORS & ALERTS
= Statistics, Hit Rates

= KPI and Estimate Accuracy
= Auto Idea Lists

= CIO/PM/Analyst Value Add
= Factors, Exposures

= Machine Learning, Al

PERFORMANCE

RESULTS

ASSET PRICE

FINANCIAL METRICS
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OPERATOR KPIS

OUTCOME
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BUSINESS KPIS (KEY PERFORMANCE INDICATORS):
A UNIVERSAL LANGUAGE

- How can we move beyond static assumptions built on - Average spend - Credit card transactions
assumptions in fixed models, with few if any updates p/transaction
between public data releases? - Email receipts
- Number of transactions
- How can we remove key variables from what is - Web Traffic/Scraping
unknown in the stock price? - Same store sales
- Supply Chain data
- How can we put ourselves more in the operators seat, - Churn
and ask more detailed specific questions based on data - Public municipal
vs. generic uninformed “how’s the quarter”? - New customers records
- What does management think of their own operational -  Repeat customers - SECfilings
metrics, and the health of their business?
- Share of wallet - Natural Language
- What names should be focused on...what would a data Processing
driven process surface as warranting attention for - Market share
inflections? - Lat/Long Geo data

- Cohort spend over time
- What can be inferred from share shift, churn, and
pricing changes?

“Opinions Only Exist Due to Lack of Data” - Aptiviti Lr



KPI EXAMPLE: MAKING RAW DATA USEFUL WITH
CONTEXT AND RELEVANCE

US Web Traffic Data

Page Views 1,933M
Time On Site 74,807M
Visits 161M

1) Problem: fundamental analysts have difficulty using the huge amount of data available

2) No context

3) Is this a good number?

Source: SimilarWeb, Equity Data Science (EDS)




KPI EXAMPLE: APPLYING DATA IN TREND OR GRAPH
HELPS, BUT...ITS BACKWARD LOOKING

ASOS Web Traffic Data

asos.com » asos.com »

Visits Visits
5M 260M
240M
5M 220M
200M
M . > 180M
L ] ° °
3 160M
4M
. 140M
° °
S 120M
3M SPoa S 0,1" - ° ]
*A: o . . 100M
®e
3M ~ s o & %" i
3 . PP . e 60M
2M R | B - AT AN 40M
¢ % evgy 3 20M
2M . L

11/2017 11/2018 11/2019 Q1 Q2 03 Q4 Q1 Q2 Q3 Q4 Q1 Q2 Q3 Q4 Q1
2016 2017 2018 2019

Source: SimilarWeb, Equity Data Science (EDS)



KPI EXAMPLE: APPLYING MODELS TO CREATE TREND
AND EXPECTATIONS CONTEXT

asos.com»
Visits
5M
5M
ASOS US Web Traffic Data m
am
Page Time
ticker category Views  on Site Visits
ASC-USA Subtotal 18 19 50 3M
asos.com 18 19 _
asosplc.com <1 IS -
ASC-USA»
Visits
aom
80M 016 3/1/2017 612017 9/472017 12/1/2017 3/1/2018 6/1/2018 9/1/2018 12/1/2018 3172019
70M
60M
Q1 2019 Q1 2019 Consensus
som Actual /Prediction
40M o .
Visits 161M 150M
3m
200 We have created an auto trend model to estimate next
out of sample step for the data to create a baseline
10M . .
“next observation” estimate for any dataset. We are
0 then able to create curbs, expectations, and alerts for
M Ap M Ju Jul Au Se Oc No De Ja Fe M Ap M Ju Jul Au Se Oc No De Ja Fe M Ap M Ju Jul Au Se Oc No De Ja Fe M disparate data.
Q1 Q2 Q3 Q4 [+}] Q2 Q3 Q4 Q1 Q2 Q3 Q4 Q1
2016 2017 2018 2019

Source: SimilarWeb, Equity Data Science (EDS)



KPI EXAMPLE: CONSISTENT PROCESS ADDS
UNIVERSAL CONTEXT, HIGHLIGHTS DIVERGENCES

@) ASC-USA» ASC-USA» Series by:

Page Views Time on Site (Column Names)
1,200M 45.000M o
1,100M 40,000M ol Prea@on
1,000M J Realized (15)
aoon 35,000M ol Realized (OS)
800M 30,000M
700M 25,000M
600M
8 s00M 20,000M
§ 400M 15,000M
o 300m 10,000M
g 200M
° 100M 5.000M
— 0 0
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3 Visits
N
= 90M
2
o 80m
70M
5
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3 50M
&
° 40M
30M
20m
10M
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Q2 Q3 Q4 Q1 Q2 Q3 Q4 Q1 Q2 Q3 Q4 a1 Q2 Q3 Q Q1 Q2 Q3 Q¢ Q1 Q2 Q3 a4 at
0O 2016 2017 2018 2019 2016 2017 2018 2019
O O
) V)
ds hierarchy (Month)

Source: SimilarWeb, Equity Data Science (EDS)



NEW LENS EXAMPLE: SHAREHOLDERS ARE MAKING
DECISIONS WITH ESG - ARE YOU READY?

Country Sector
Type to search in list Type to search in list
] (A1) 12 values [ (An) 11 values
7] UNITED STATES... ["] Communication S...
| BRAZIL [] Cons Disc
| CANADA [] Cons Stap
| CHILE [ Energy
| CHINA [ ] Financials
MSCI ESG
Industry Adjusted  Iva Company
Ticker Score Rating
EBAY-USA 560 BBB
TIF-USA 00N Aaa
TGT-USA 640 A
BKNG-USA 460 BBB
KSS-USA 3.80 BB
POOL-USA 690 A
TSCO-USA 59 A
LKQ-USA 560 BBB
DG-USA [ 280 i
GPC-USA 440 BBB
GRUB-USA 410 BB
CVNA-USA B
W-USA 490 BBB

Industry Group
Type to search in list

| (All) 4 values

| Automobiles & Com...
| Consumer Durables ...

| Consumer Services
7| Retailing

ESG SCORE

Industry

Type to search in list

7] (All) 5 values
Distributors
Internet & Catalog R...
Internet & Direct Mar...
Multiline Retail
Specialty Retail

|

<l 4] (&

|&

Environmenta

| Pillar Score  Social Pillar Score

Sub Industry

Type to search in list
7| (All) 11 values

Apparel Retail

7| Automotive Retail
+| Computer & Elect...
~| Department Stores
/| Distributors

|

Ticker - 20 Edit 12/02/2019

Governance

Pillar Score

6.00
6.50

Type to search in list

Reset
Exclude

Unmark

Human Capital Dev
Exp Score
9.30

3.00

2.50

4.10

2.50

5.80

5.90

5.60

2.50

5.80

5.60

3.90

| (An) 40 values
AAN-USA | Aarons, Inc.
AAP-USA | Advance ...
AMZN-USA | Amazon.c...
AZO-USA | AutoZone,...
BBY-USA | Best Buy Co., I...
BKNG-USA | Booking ...
BURL-USA | Burlington...
Human Capital
Dev Score
1.50
9.00
9.60
3.80
7.80
3.20
2.80
2.10
7.20
1.20
3.60
3.10
4.10

4.60

Human Capital Dev
Mgmt Score

3.80
5.00
5.10
0.90
3.30
2.00
1.70
0.70
270
0.00
220
0.00
1.70

Source: EDS, MSCI



FACTOR AND FUNDAMENTAL KPI EXAMPLE: WHAT IS
DRIVING THE STOCK?

Return Attribution

Model Ticker
JACK-USA
GRMN-USA
BC-USA
ORLY-USA
LZB-USA
CVCO-USA
PIl-USA
SERV-USA
AAN-USA
AZO-USA
SCI-USA
TPX-USA
SFIX-USA
DKS-USA
AAP-USA
PAG-USA
SHAK-USA
WEN-USA
DNKN-USA
YUM-USA
TRWH-USA
SKY-USA
TIF-USA
MTN-USA
RUSHB-USA

Security

Ticker:

Price (local):

Market Cap (USD):
Enterprise Val (local):

Last 5 Years

Total Return ~ Specific Contributi...

7.96%
7.73%
6.69%
5.85%
4.59%
4.07%
3.36%
2.69%
2.05%
1.56%
1.26%
0.41%
-0.82%
-0.99%
-1.43%
-2.40%
-2.45%
-2.58%
-2.61%
-3.21%
-3.24%
-3.94%
-4.06%

-4.92%

MTN-USA
225.7
8,723M
11,112M

4.70%
7.37%
-0.94%
-18.34%
0.43%
-3.07%
10.42%
9.67%
-19.82%
-23.38%
19.95%
-9.09%
-20.54%
-30.87%
-20.59%
-7.09%
8.74%
-9.15%
1.78%
2.03%
-0.71%
-14.42%
1.08%

-8.74%

Total, Factor, & Specific Returns

Factor Contributi... Color by:
2.88% 25.00%
'0-02:/° 2000% @ Total Price Return
7.21% N @ Factor Contribution
23.83% 15.00% @ Specific Contribution
3.81%
10.00%
6.74%
7.39% S00%
-7.35% 000%
21.53% N
24.58% S00%
-19.10% -10.00%
9.14% -15.00%
19.36%
20.55% -20.00%
18.82% 25.00%
4.35% .
-11.60% -3000%
6.20% -35.00%
-4.76%
-40.00%
-5.62%
-2.91% -45.00%
10.13% 50.00%
-5.54%
-55.00%
3.46% -60.00%
Stock Drivers Macro
orrel
Factors Select Factor ¢ . Factors Correl
(to price)
Valuation EV /EBITDANTM Oil 42%
Profitability EBITDA Margin NTM 84% Rates 49%
Growth EBITDA Growth NTM 84% Dollar -2%
Quality ROIC LTM 38% Gold -4%
Sentiment Percent Buy Estimates 46%




WHAT TO DO WITH ALL THE KPIS...

Internal Intelligence Market Data Research Data Alternative Data

Analyst Estimates Estimates Factor Models Credit Transaction data

Price Targets / ROI Valuation Accounting Flags Web Traffic

Conviction Analyst Changes Shareholder Activity Email Receipt
Corporate Fundamentals ESG (ISS) NLP Scores

Idea Portfolio Risk

Generation Construction Management
Source: Equity Data Science, EDS



HARNESSING THE POWER OF SCALE AND
TRANSPARENCY FOR DECISION MANAGEMENT

o i toen oo oy [ o Tiens  me  Swme Comin e Q! wscircor acoss
1 Bob MSFT 14.2% 11.3% 86% 38.5% - 2 3:5%
2 Sue KMX 8.5% 8.0% 81% 20.5%

4 Pat FB 4.5% 2.7% 72% 25.5%

5 Pat SLB 4.2% 2.0% 71% 40.5%

3 Sue LB -2.2% -2.6% 65% 25.5%

2 Kim SHOP 3.0% 6.0% 64% 15.5%

2 Ed HD 5.5% 5.0% 64% 60.5%

1 Ed GOOGL 4.0% 4.0% 57% 25.5%

1 Sue CAT 25% 1.8% 55% 15.5%

1 Bob CMG 2.5% 10.5% 55% 15.5%

2 Bob JPM 3.2% 3.4% 50% 20.5%

5 Bob DAL 5.5% 1.7% 49% 55.5%

5 Sue WMT 5.0% 8.3% 47% 38.5%

m 20 ~ucLaiea - 1 404 AT0L

* Conviction Override, ** Default Conviction Value

Source: EDS

Time intensive tasks automated allowing focus on analytics instead of data entry — dashboards for sectors,
peer comps, internal expectations, new data insights

Portfolio or Peer lists updated real time with latest changes in data and best opportunities

Feedback loops driving outcome attribution and relentless improvement via Al/ML




SINGLE PANE OF GLASS SCALING INPUTS...HOW ARE
YOURS BEING SCORED?

. | Fundamental Metrics
Anduril Score & Components o
" industry Group
ticker Name IndustryGroup ~ AndurilScore | vajuation Growth  Profitability Quality  Sentiment Ticker /Anayst factor sibfactor  Quintie  Value  Benchmark
CMG- Consumer Growth EBIT Growth NTM 2 37.94% 6.97%
NBIX-USA Neurocrine Bio...  Pharmaceutical... 1.59 UsA Services / epsGrowthNTM [N 2567 ss1%
. salesGrowthNTM [N 12.43% 341%
INCY-USA Incyte Corporat... Pharmaceutical.. 125 Profitability ~ EBIT Margin NTM 2 10.82% 7.24%
PLNT-USA Planet Fitness, ...  Consumer Servi... ROENTM I 11.38%
Quality Assets / Equity 2 148x 223x
CMG-USA Chipotie Mexic...  Consumer Servi. - - = . ROICLTM I 431%
PAYC-USA Paycom Softwa..  Software & Ser... 230 Setiment | Momenimn o] e e
Short Interest 2 5.34% 6.55%
OLED-USA Universal Displ... Semiconductor... 1.53 Valuation Div Yield 2 0.00% 0.00%
P/ENTM | A 1781
BURL-USA Burlington Stor...  Retailing 1.92
DISCA-USA Discovery, Inc....  Media & Entert... 117
GPN-USA Global Paymen...  Software & Ser... 2.18
VRSK-USA Verisk Analytics... Commercial & ... 1.24
YELP-USA Yelp Inc Media & Entert... 045
FIVE-USA Five Below, Inc. Retailing 1.40
A-USA Agilent Technol...  Pharmaceutical... 2.30
CTLT-USA Catalent Inc Pharmaceu .
i Price — date
SBGI-USA Sinclair Broadc...  Media & Er Awrlgwum Score
TPX-USA Tempur Sealy ... Consumer | 18 865.00
ORCL-USA Oracle Corpora...  Software & 20 790.00
WYNN-USA Wynn Resorts, ... Consumer ! o 22 717.00
STZ-USA Constellation B...  Food Bever =
[ 640.00
DBX-USA Dropbox, Inc. C...  Software & 8 >
s o
WST-USA West Pharmace...  Health Care = <! 570.00 =
FICO-USA Fair Isaac Corp... Software & % 29 494.00 L4
MSCI-USA MSClinc.Class A Diversified & 32 22000
HELE-USA Helen of Troy Li..  Consumer |
e 34 346.00
MKSI-USA MKS Instrumen...  Semicondu
NTAP-USA NetApp, Inc. Technology 36 270.00
TEVA-USA Teva Pharmace... Pharmaceu 2/1/2015 8/1/2015 2/1/2016 8/1/2016 2/1/2017 8/1/2017 2/1/2018 8/1/2018 2/1/2019 8/1/2019

Source: Anduril Partners, EDS



DATA IN THE INVESTMENT PROCESS

Angel. 09/01/2015 = 06/29/2018|=] v Mov Avgs Key Events

1D 3D M 6M YTD 1Y 5Y Max Daily v 1= 1t v Table « an

Track Annotate News Zoom

We invested in a rebound
under a new CEO.

Our proprietary Tableau
demand Index built on web
trends signaled material
decline in volume by 4Q17.

However, data must be
understood in context to
business model...and 4Q for
software is traditionally
strong, so...

We used the flag to dig deep
into the story. After staying
with the position estimated
spike in deal size, we were
rewarded with material stock .
rebound.




SUMMARY

1. The language of decision making is changing.

2. All stakeholders should be aware of how those decisions are being
weighed and executed. If software is eating the world, models may
well run the world.

3. Forward thinking organizations are integrating qualitative relational
inputs alongside probability driven data inputs for consistent and
transparent attribution. These opportunities are available to
disciplined investors, corporate intelligence, and investor relations
groups.
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